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Rise of Agents. 
End of developer era?
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VIBE CODING IS FUN!

You feel it when is 

2 a.m. 
and you're doing:

“The only last prompt.”



IT MAKES TEDIOUS TASKS FOR YOU,

so you can focus on stuff 
that matters most.



BUT BEWARE!

But doing it without 
multiple layers of protection 

can bankrupt you.



LET'S FIND OUT

Let's find out how we deal 
with vibecoding in Insly.



MY STORY

Hi, I'm Max. 

Tech Lead with 20 years in software development.

Today I'll share my real experience with vibecoding in Insly.

The wins. The disasters. The lessons.



Disclaimer

YMMV



THE RISE OF THE AGENTS



WHAT IS VIBECODING?

  "There's a new kind of coding I call 'vibe coding',
  where you fully give in to the vibes, embrace exponentials,
  and forget that the code even exists."
  — Andrej Karpathy, OpenAI co-founder (Feb 2025)



THE NEW WORKFLOW

Traditional: Understand Problem    Write Code    Ship→ →

Vibecoding: Prompt  Quick Skim  Ship→ →



THE VIBECODING PARADOX

First month: 8x faster ✅

After 2 months: +300% bugs ❌

The problem: What WE failed to provide



PART 1: HOW VIBECODERS WORK



THE VIBECODING WORKFLOW

Developer  Prompt  AI  Code  Ship 🚀→ → → →

Feels like magic.

Works brilliantly... 

at first.



THE VIBECODING PROMISE

Real numbers (first month):
• Code speed: 8x faster ✅
• Lines written: +400% ✅
• Developer happiness: 95% ✅

"We've found the holy grail!"



THE VIBECODING REALITY

After 2 months:

Code speed: 8x faster ✅
Code in production: 2x SLOWER ❌



THE PARADOX

Speed × Quality = Productivity

8x speed × 0.3 quality = 2.4x 💥
8x speed × 0.9 quality = 7.2x 🚀

What makes the difference?



THESIS

AI amplifies what you know.

With good knowledge  10x boost→
With lack of knowledge  10x disasters→
Today: 4 disasters, 4 successes



PART 2: THE DISASTERS



DISASTER #1 - THE REVIEW BOTTLENECK



THE VAGUE PROMPT

Task: Claims API

Estimated: 2 days

Actual: 3 weeks + complete rewrite

What went wrong?



BAD PROMPT:

"Build claims processing API in Go with Gin. Need endpoints 
for submitting, approving, rejecting."

Developer thought: "Perfect!"

AI thought: "Monolith it is!"



AI GENERATED THIS



THE MONOLITH CODE

// claims_handler.go - ALL 1,200 LINES IN ONE FILE

func ProcessClaim(w http.ResponseWriter, r *http.Request) {
    var req ClaimRequest
    json.NewDecoder(r.Body).Decode(&req)  //  No error handling🚩
    db := getDB()  //  Global, untestable🚩
    var policy Policy
    db.Where("id = ?", req.PolicyID).First(&policy)

    // 150 lines of business logic inline…
    // (continued from previous slide)
    if policy.Coverage == "basic" {
        // 50 lines nested...
    } else if policy.Coverage == "premium" {
        // 80 lines nested...
    }

    sendEmail(user.Email, "Done")  //  Blocking🚩
    json.NewEncoder(w).Encode(claim)
}



THE REVIEW



THE REVIEW

Week 1: 47 review comments

Week 2: 73 comments (fixes broke existing functionality)

Week 3: Pair programming  complete rewrite→

Total Cost: 3 weeks + team frustration



15 CRITICAL ISSUES

Architecture:
• No domain model, business logic in HTTP handler
• 1,200 lines ONE file, violates SRP

Security:
• No authentication, no authorization, no validation

Testability:
• Global DB connection, direct DB access, can't unit test

Operations:
• No error handling, blocking operations, no idempotency



AGENTIC CODING SOLUTION

Agentic Coding = AI with architecture constraints
•  Not: "Build API"❌
•  But: "Execute MY architecture"✅

Key principle:
• AI is executor, not architect
• Human defines structure
• AI fills implementation



THE RIGHT PROMPT

ARCHITECTURE-FIRST PROMPT:

"Implement claim submission following clean architecture:
• STRUCTURE: domain/application/infrastructure/interfaces
• TECH: Go 1.21, Gin, GORM, PostgreSQL
• SECURITY: JWT auth, rate limit 10/min
• PERFORMANCE: <200ms p95, cache policies 5min
• TESTING: 80% coverage, testify/mock

See domain/claim.go for model. NOW: Implement application/submit_claim.go"



RESULT COMPARISON

VAGUE PROMPT:
• 2 hours + 3 weeks review
• 1,200 LOC, one file
• 94 review comments
• Complete rewrite

ARCHITECTURE-FIRST:
• 4 hours + 1 day review
• 600 LOC, 6 files
• 5 minor comments
• Shipped



INSLY SOLUTION #1 - ARCHITECTURE TEMPLATES

1. Architecture Templates
• Senior designs structure + prompt templates

2. Developer executes
• AI generates implementation within structure

3. Review focuses on logic
• 80% fewer comments

Result: 2 days instead of 3 weeks



DISASTER #2 - REGRESSION CASCADE

Task: Add policy export feature

AI generated: 500 LOC, works perfectly

Next sprint: 3 different features broke

Tests: Still passing (wrong tests)

How?



THE UNVERIFIABLE PROMPT

Issue: GENERATING MORE THAN YOU CAN VERIFY.

Prompt: "Add policy export to CSV and PDF. Include all fields, handle formatting."
• Developer thought: "Simple feature!"
• AI generated: 500 LOC across 8 files
• Reality: Can't verify all edge cases!



THE REGRESSION CODE

// export_policy.go - AI GENERATED

func ExportPolicy(policy Policy) ([]byte, error) {
    
    //  CHANGED GLOBAL STATE🚨
    policy.Status = "exported"  // Mutated input!
    db.Save(&policy)  
    // Side effect in "export"!
    // 50 more lines of CSV generation...
    // 80 more lines of PDF generation...
    // Works perfectly... for export feature
    // Breaks 3 other features that rely on status
}



THE AFTERMATH - IMPACT



THE JUDGEMENT DAY

Impact:
• Policy creation: Broken
• Policy renewal: Broken
• Claims processing: Broken
• Tests: STILL PASSING (tested wrong behaviour)
• Discovered: 2 days later in production



THE AFTERMATH - COST

Cost:
• 3 days debugging: $15K
• Emergency fixes: $25K
• Customer support: $10K
• Lost productivity: $20K

Total: around $70K + team morale



5 LAYERS OF FAILURE

• TOO MUCH CODE (500 LOC, can't verify all)
• HIDDEN SIDE EFFECTS (mutates input)
• WRONG TESTS (tested implementation, not behaviour)

Each layer could have caught it. All failed: Perfect storm



AGENTIC SOLUTION - COMPLEXITY MANAGEMENT

Agentic approach: Limit scope, demand tests

• Not: "Add export feature"
• But: "Add ONLY CSV export, max 100 LOC, pure function"

Key insight:

AI doesn't know "small PRs prevent regressions"

YOU must specify size constraints

Every. Single. Time.



THE SAFE PROMPT

REGRESSION-SAFE PROMPT:

"Create policy CSV export with STRICT constraints:

SCOPE: CSV ONLY, Pure function, Max 100 LOC

CRITICAL:
• NO mutation of input
• NO database writes
• NO status changes

TESTING: Unit + Integration tests, 90% coverage"



SAFE IMPLEMENTATION

// PURE FUNCTION - NO SIDE EFFECTS
func ExportPolicyCSV(policy Policy) ([]byte, error) {
    // Input NOT mutated
    // NO database writes
    // NO status changes

    var buf bytes.Buffer
    writer := csv.NewWriter(&buf)
    // Write headers
    writer.Write([]string{"ID", "Number", "Premium"})
    // Write data
    writer.Write([]string{
        policy.ID,
        policy.Number,
        fmt.Sprintf(
"%.2f", policy.Premium),
    })
    writer.Flush()
return buf.Bytes(), writer.Error()
}

// 45 LOC, pure, testable, safe



INSLY SOLUTION #2 - COMPLEXITY LIMITS

1. Complexity Limits
• MAX 100 LOC per function
• Break into smaller PRs
• Pure functions enforced

2. Prompt Templates
• Every prompt: LOC limit + "NO side effects"
• Integration test mandatory

Result: 95% fewer regression bugs



DISASTER #3 - N+1 PERFORMANCE HELL

Feature: Claims feed endpoint

Localhost: 87ms ✅

Production: 12 seconds 💥

Database: Crashes at 10 users

Why?



THE PERFORMANCE-BLIND PROMPT

THE VAGUE PROMPT:

"Create endpoint to fetch user's claims. Include policy details and documents."

Missing: Performance target, query optimisation, pagination, caching

AI default: N+1 queries



THE N+1 DISASTER

func GetClaimsFeed(c *gin.Context) {
  
  var policies []Policy
  db.Where("user_id = ?", userID).Find(&policies)  // 1 query
  
    for _, policy := range policies {  // 20 policies
      var claims []Claim
      db.Where("policy_id = ?", policy.ID).Find(&claims)  // +20
      for i := range claims {  // 10 claims each
      var docs []Document
      db.Where("claim_id = ?", claims[i].ID).Find(&docs)  // +200
    }
  }
}

// Total: 1 + 20 + 200 = 221 queries per request 🔥



PRODUCTION METRICS



PRODUCTION METRICS

Local (50 records): 87ms ✅

Staging (5K records): 3.2s ⚠️

Production (real load):
• p50: 8s
• p95: 15s
• p99: 25s
• Database: DEAD at 10 concurrent users



AGENTIC SOLUTION - PERFORMANCE CONSTRAINTS

Agentic: Specify performance requirements EXPLICITLY

• Not: "Fetch claims"
• But: "Fetch in <200ms p95, max 3 queries, use Preload"

AI knows HOW to optimise

AI doesn't know WHEN to optimise

YOU must specify performance targets



THE OPTIMISED PROMPT

"Create claims feed with STRICT performance:

TARGETS: <200ms p95, MAX 3 queries, 1000 req/sec

OPTIMISATION: GORM Preload (NO N+1), db.Preload("Claims.Documents")

CACHING: Redis 5min TTL

PAGINATION: Cursor-based, 20 items/page"



OPTIMISED CODE

func GetClaimsFeed(c *gin.Context) {
  // 1. Check cache    
  if cached, err := redis.Get(cacheKey).Result(); err == nil {
    c.JSON(200, cached)
    return
  }
  // 2. Single query with Preloads (3 queries via JOINs)
  var policies []Policy
  db.Preload("Claims", func(db *gorm.DB) *gorm.DB {
        return db.Order("created_at DESC").Limit(20)
  }).Preload("Claims.Documents").Where("user_id = ?", userID).Find(&policies)
    // 3. Cache result
  redis.Set(cacheKey, claims, 5*time.Minute)
  c.JSON(200, claims)
}
// Queries: 3 (or 0 if cached), Response: 45ms p95

 



RESULT

BEFORE (N+1):
• 221 queries
• 15s p95
• Crashes at 10 users

AFTER (optimised):
• 0.3 queries (cached)
• 45ms p95
• Handles 1000 users

333x
faster



INSLY SOLUTION #3 - PERFORMANCE CULTURE

1. Performance Requirements MANDATORY
• Every endpoint: Response time target, max query count
• Load test before merge

2. CI Performance Checks
• Benchmark regression detection
• N+1 query detector
• BLOCK merge if performance regresses >20%

Result: No performance surprises in production



DISASTER #4 - REACT PERFORMANCE

Task: "Make this code cleaner"

AI: "Use modern functional programming"

Result:
• Code: 70% more readable ✅
• Performance: 70% slower ❌
• Users: "Why is it so laggy?"



THE CODE



Readable != Performant

// HUMAN (ugly but fast)
for (let i = 0; i < policies.length; i++) {
    // Early exit
    if (policies[i].status !== filter) continue;  
    results.push(policies[i]);
}
// 2,847 ops/sec

// AI (beautiful but slow)
var policies
    .filter(p => p.status === filter)
    .filter(p => p.amount >= minAmount)
    .filter(p => p.coverage === coverage);

// 854 ops/sec (-70%)
// Why? 3 passes vs 1 pass, 3 arrays vs 1 array



THE LESSON

AI optimises for:
•  Readability✅
•  "Modern" patterns✅
•  Performance❌

Critical paths: Benchmark BEFORE accepting AI suggestions

"Clean code" that's slow isn't clean



INSLY SOLUTION #4



AI ENFORCES CODE STANDARDS

1. Benchmark requirement: Any optimisation PR  must include benchmark→

2. Performance tests in CI: Regression detection

3. "Readability" != "Performance": Choose based on use case

Result: Beautiful AND fast code



PART 3: WHAT'S MISSING?



THE PATTERN

All 4 disasters share root cause:

AI + Vague Prompt + No Verification = 💥

Missing: The Three Pillars



PILLAR 1 - ARCHITECTURE

AI can design architecture. But you need to ask AI for it.

AI should execute YOUR architecture.

You must provide: System structure, patterns, layer separation

Key insight:
• No architecture = Spaghetti code
• Clear architecture = Clean code



ARCHITECTURE EXAMPLE



ARCHITECTURE EXAMPLE

YOU design structure:
claims-service/
├── domain/       # Business rules
├── application/  # Use cases
├── infrastructure/  # Database, external
└── interfaces/   # HTTP handlers



THEN PROMPT AI

"Implement SubmitClaim use case. Architecture: domain/application/infrastructure. See 
domain/claim.go for model."

AI generates code that FITS your design.



PILLAR 2 - DOMAIN KNOWLEDGE

AI doesn't know YOUR domain:
• What "old data" means
• Business rules specifics
• Regulatory requirements

YOU must provide domain context.

Example:

 Vague: "Clean up old data"❌

 Domain-aware: "Insurance policies, >90d = ACTIVE PRODUCTION, NEVER delete"✅



DOMAIN EXAMPLE - VAGUE VS SPECIFIC

 "Calculate agents commission for a given policy"❌

 AI: Generic percentage calculator→

 "Calculate insurance commission:✅
• Base: 10% of premium
• Tenure bonus: Year 1-2: +2%, 3-5: +5%, 6+: +8%
• Product multiplier: Basic 1.0x, Premium 1.5x, Elite 2.0x
• Cap: 25% max (regulatory)
• Test: $1000 Premium, Elite, Year 6  $250 (capped)"→

 AI: CORRECT business logic first time→



PILLAR 3 - VERIFICATION

"Tests pass" != Production ready

CI/CD Pipeline catches:
• Security (gosec, OWASP)
• Performance (benchmarks, N+1 detection)
• Quality (linting, coverage >80%)

UAT catches:
• Missing features, broken logic

Effectiveness:
• Automation: 95%
• Manual review: 60%
• Both together: 99%



VERIFICATION EXAMPLE - PR CHECKS

PR with AI code:
•  Unit tests pass locally✅
•  gosec: SQL injection found❌
•  Benchmark: N+1 detected❌
•  Coverage: 67% (threshold 80%)❌
•  Load test: 500ms p95 (target <200ms)❌



VERIFICATION EXAMPLE - OUTCOME

Merge: BLOCKED

Developer: Fixes with AI

Merge: APPROVED

CI just saved 2 weeks of production firefighting



THE THREE PILLARS SUMMARY



THE THREE PILLARS SUMMARY

Architecture: YOU design, AI implements

Domain: YOU provide context, AI codes

Verification: CI/CD catches mistakes, UAT catches broken logic

All 3 present  10x productivity→

Any missing  High failure risk→



PART 4: INSLY SUCCESS STORIES



THE FORMULA

Architecture (Senior designs) +
Domain Knowledge (PO provides) + 

AI Implementation (Developer executes) +
Verification Loop (CI/CD catches) 

= 10x Productivity



TEAM STRUCTURE THAT WORKS

Senior Architect (20%): Designs architecture, creates prompt templates, reviews

Developer (80%): Uses templates, generates code with AI, implements

Product Owner (10%): Provides domain knowledge, validates business logic

DevOps (20%): CI/CD, monitoring, security



SUCCESS #1 - COMMISSION SETTLEMENT PROJECT

Team: Tech Lead + Product Owner + 2 Domain Experts

Product Discovery (MVP-based):
• Define MVP scope with domain experts
• Tech Lead designs architecture
• PO documents business rules
• Create prompt templates



COMMISSION - DOCUMENTATION

AI-generated documentation:
• 17 documents, 33K+ lines
• PRD, API specs, architecture, domain models
• Cross-validation report

Status: Fresh dev team is now implementing it with agents!



COMMISSION RESULTS



METRICS BREAKDOWN

Results:
• Product Discovery: 10 days (vs 6 weeks)
• AI-generated docs: 17 files, 33K+ lines
• 5 verification rounds with domain experts
• Ready for development handoff

Formula worked: Tech Lead + PO + Domain Experts + 5 times executed the Verification Loop



SUCCESS #2 - TECH LEAD SIDE PROJECTS

Challenge: With no RAG experience, find cost-effective solution for RAG based on Polish 
insurance docs

3 Prototypes × 2 weeks each = 6 weeks total



RAG PROTOTYPES

POC #1: AWS Bedrock + Sonnet 3.7 (2 weeks)

 Pivot: Too expensive→

POC #2: LightRAG + Bielik-11B (2 weeks)

 Pivot: Graph tuning too complex→

POC #3: LangGraph + Bielik-11B (2 weeks)

 Success: Beta ready→



RAG R&D - KEY INSIGHT

Traditional R&D: 6+ months, millions spent

AI-assisted: 6 weeks, fast pivots, knowledge gained

R&D doesn't cost millions anymore



SUCCESS #3 – THE DATA WAREHOUSE

Challenge: New team, limited Go experience, ETL pipelines for 1M+ records/day

Team: Fresh build (Golang Dev + PHP Dev, both regulars)

Execution:
• Week 1-3: Tech Lead creates architecture, templates, PoC
• Week 4-8: Team extends PoC following backlog
• Week 9: Production deployment



DATA WAREHOUSE RESULTS

Results:
• POC  Production: 9 weeks total→
• Processes: 1M+ records/day, <10 min latency
• Test coverage: 92%

Bonus: Business KPI monitoring built on top (Apache Superset)

Learning effect: New team now self-sufficient (built 3 more pipelines)



THE SUCCESS PATTERN

Every success:
• Architecture FIRST (senior designs)
• Domain documented (PO provides)
• Templates created
• AI executes (developer implements)
• CI/CD verifies

Every disaster: Skipped step 1 or 2



PART 5: LESSONS LEARNED



LESSON 1 - CONTEXT IS KING

• AI context: 128K-2M tokens (model dependent)
• Your codebase: Much larger
• Solution: Provide architecture context EXPLICITLY, ex. build markdown files.



LESSON 2 - KNOW WHAT YOU WANT

• Vague goal = Wasted iterations
• Spend 20% defining requirements  Save 80% in iterations→



LESSON 3 - EXPERIENCE MULTIPLIER

• Developer: 2-3x (but 3x more bugs when he’s junior)
• Senior: 8-10x (same or fewer bugs)
• Solution: Pair senior (20%) + junior (80%) = 6x boost



LESSON 4 - GDPR/DORA RISKS

InsurTech = Heavily regulated
• External AI processes code on US servers
• Fine: Up to €20M or 4% turnover (serious violations)
• DORA (Jan 17, 2025): AI tools likely = ICT third-party providers



LESSON 5 - INSLY COMPLIANCE SOLUTION

• 60%: External AI (generic code, with safeguards)
• 40%: Local LLMs (customer data)

When local MANDATORY:
• Production SQL with real data
• Customer PII
• Debugging prod logs



LESSON 6 - LOCAL LLM SETUP

Setup: Qwen3-Coder-30B-A3B (MoE, 3.3B active), 100% GDPR compliant

Performance: 85% of Claude quality, 2-3s response time

Cost: €115K/year compliance vs €2M GDPR fine

Rule: "ANY production data  Local LLM only, no exceptions"→



WRAP-UP



THE SCOREBOARD

12 months of vibecoding:

FAILURES: $200K+ (Review bottleneck, regression cascade, N+1 queries, performance issues)

SUCCESSES: $500K+ value
• Commission Service Service Requirements: 10d vs 6w
• RAG System: 6w vs 6m
• Data Warehouse: 9w vs 6m

Net ROI: +$300K + 5x faster delivery



THE FORMULA

 AI alone = Disasters❌

 AI + Architecture + Domain + Verification Loop = 10x✅



AGENT SMITH



YOUR CHOICE

Vibecoding blindly: 
Join our disaster club



YOUR CHOICE

Vibecoding strategically: 
Join our success club



YOUR CHOICE

The difference? 

What you know BEFORE you prompt.



FINAL MESSAGE

AI didn't cause our failures.

Missing architecture knowledge did.



FINAL MESSAGE

AI didn't make us 10x faster.

Architecture + Domain + Verification Loop did.



FINAL MESSAGE

AI amplified what we brought. 
Choose what you want amplified.



101101 Event organized by: Academic Partners Foundation

Thank you for 
watching!
Remember to leave your questions 
and rate the presentation 
in the section below.
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